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How Algorithms
Shape Our Perception




Tomato tomato?

What determines whether
something is a tomato?

.

Take on the role of the Al:

Part1 Train the Al

“Learn” from your training data what a
tfomato is

o - identify characteristics!
training data




Tomato tomato?

training data

characteristics
TOMATO

round O

red s
shiny ﬂ

stalk ‘




Tomato tomato?

Isit round? Isitred?

Part 2 Test the Al

If the characteristics you defined
match, then it's a tomato!

—> Test the new images

Yes

tomato

Neo

no fomato

X



Tomato tomato?

What results do you get when
testing the new images?

What could be the reasons
for that?




Algorithms need

training data

- the training data decide, what the Al learns

What problems can arise from this?

« Allearns from existing data

* |fthe data contains biases, the Al will “learn”
or reproduce these biases

 Example: occupations
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Does Al think in Stereotypes?

What are stereotypes?
stereotypes in a nutshell

« Stereotypes are simplified ideas about certain
groups of people.

* The problem: they’re often unfair and inaccurate.

,» You're like this because you belong to that group.”

- this can lead to people being judged unfairly
or being excluded.

stereotype




How Al sees...

Does Al think in Stereotypes? the profession CEO/Boss?

MEN WOM. AMB.
{A color photograph of a CEO ] —




How Al sees...

the professionteacher?
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MEN WOM. AMB.

teacher

[A color photograph of a
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We dll live inside digital narratives.

Algorithms help shape them.

A narrative is a simple story we use
to explain the world.

N
angry

ood evil
9 \

) G g

Che brave knight saves
the helpless princess

dangerous

well-behaved



We all live inside (digital) narratives.

Algorithms help shape them.

What story do you live in? - Introduction to “Narrative”

 Anarrative is a simple story we use
to explain the world.

* Narratives shape identity, self-image,
and how we interpret information.

Media and digital platforms reinforce narratives:

-> how the story of a text/information is constructed

- and how information is presented to readers.



Narratives and framing in ads
example: cigarettes

example: cigarettes
e ONCE

https://www.youtube.
com/watch?v=0 4b7D

TorXk



https://www.youtube.com/watch?v=0_4b7DTorXk
https://www.youtube.com/watch?v=0_4b7DTorXk
https://www.youtube.com/watch?v=0_4b7DTorXk

Narratives and framing in media

In Rare Move, University Grants $22K
Scholarship To Undocumented Student

Swiss legend

Nephew oflski superstar wins Aigner wins second gold medal

two Golden

yie ]

rox
RIE® _MONEY FOR ILLEGATS
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During the Olympics

hate comments:
of shit"

Shiffrin responds to

in ski thriller

15 years of heute.at

Hirscher: "If | make mistakes,

"Piece

they|will kill me."

D ldangers




Narratives and framing in media
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Ranking girls 1-10 is subjective and difficult depending
which autist is critiquing her, but heres the real scale.

Past 30 doesn't count they should have a child and be
out of the game.

Any woman whos past 30 without kids made a L
mistake and is usually bitter and negative as a pers

Girls aged 18 - 29 can be ranked simply.

If Youre a below a 6 you are paying half on afiate.

If youre a 6 or a 7 you get free m@als, free drinks,
maybe a birthday present. You pay half the ren

your loser boyfriend and work a job. You are on dating
apps.

If youre an 8/9 your entire life is Jree. You dont have
dating apps you only meet men on Instagram. You live
rent free in your mans house, the car you drive is from
him, your spending money is from him. You do
precisely zero work. Your job is to be fun and vibes and
hot. Thats it.

10s is the same as an 8/9 but with a celebrity.
Thats the scale.

So girls, look at your life.

@ alphamaledotcom

Masculinity
dominance

Never seek approval, demand
ominance.

ALPHAMALE.COM

alphamaledotcom Every challenge presents an
opportunity for growth when you approach it with



brand/content

Narratives and framing in media
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Narratives and framing in media

Trad wives trend

€€ Many younger women engaging with tradwife content may havd little
historical awareness of the realitiesfaced by women in eras when
Jfinancial dependence left them|oulnerable - without legal or economic
power and often trapped in relationships marked by inequality or even
domestic abuse. Forgetting this history risks\romanticising a past that,|for
many women, was nether safe nor empowering. Vs s why the growing
popularity of tradwife content should not be dismissed or trivialised as

something pertained to young women and their light frivolous interest.

Shiyu Yuan, Research Assistant at King’s Global Institute for Women’s Leadership



How does genAl work?

Where do these patterns go next?

El T =
8=
They don’t just stay on social media.

They become data.




How does genAl work?

Generative Al (ChatGPT, image generators, filter, story-Bots) WOFk,

by learning from masses of training data.

Training data consists of:
* Texts, images, videos
e Online articles
* Social media content and comments
e Search queries and conversations




How does genAl work?

Generative Al (ChatGPT, image generators, filter, story-Bots) WOI"k,

by learning from masses of training data.

The Al does not know, what is RIGHT
and WRONG.

It only copies statistical patterns from
data 2 and these often contain

stereotypes and biases.




Alter Ego von Chatbots

Part1 Chat with the chatbot

Ask questions and comment, see how
the bot responds.

- Find out, which view/
perspective the chatbot has

J Group
Charlie
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How does genAl work?

A view inside the Al process

The Al saves words not as individual letters, but as

points within a large number space

(word vectorsin a coordinate system)  =»like a ,map*

____________________________________________________________________________________________

male, doc word-“map* word-prediction i Prozess der Kl
female nurse Mann g S !
Ingenieur IR0 RN, i . . . “

o} : A ! Training data / ,,learnin
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S Tik Talk® - behind the scences

view of the Al -

processes in the bac
& Was die Kl sieht

® Tiere wurde kommentiert

Tik talk - like, comment, share
@ Zeit bis Klick: 0.94s

Click through all 20 photos and images. . Interesse-Signal: seh positiv

(Kommentar) + Verweildauer.

You can simulate: Like, Comment, Dislike or W Moe wrde osrsprungen
S ha re! j Interesse-Sigﬁe;I: negativ (Skip),

aber Verweildauer zahlt trotzdem
etwas.

- Which preferences do you have? ¥ Tero wurde geliked
— Interesse-Signal: positiv (Like) +

- What type of advertisement is interaction, g e

B Musik wurde Ubersprungen

d d P @ ZeitbisKlick:109s

reCO m m e n e -I-O yo U o — Interessg—SlgnaI: rjegatlv (Skip),
aber Verweildauer zahlt trotzdem
etwas.

Kochen wurde geliked
& Zeit bis Klick: 1.39s
— Interesse-Signal: positiv (Like) +
Verweildauer.

® Movie wurde kommentiert
& Zeit bis Klick: 3.20s

— Interesse-Signal: sehr positiv
(Kommentar) + Verweildauer.
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ads & ad targeting

Recommendation systems

... analyze user behavior and detect patterns to predict

which content you are most likely to enjoy.

1. —> similar content - Collaborative Filtering
What did friends/others like? This might interest you too.

2. [Sillilslseelni=lais =2 similar recommendations = Content-based Filtering

Content is analyzed (topics, images, texts, hashtags,...)

3. Pl oy @ aslosd slelori =l 2 Al-models: similar behaviours = Deep Learning

scrolling behaviour, profile infos, day time, type of device, location,...
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ads & ad targeting

;" amin
filter bubbles | S

\ cats
\
Social media presents users content, \,  music
that fits to their behaviour and preferences: \\\
* what they like, what they share, who they interact with S o
* what is viewed longer finance

the algorithm learns:
»Ah, a personis interested in X - so Ill present more of that X.*

How a bubble emerges: You’'ll see more and more like-minded things, but less
and less oppositional content.



Al vs. ,NI“ (Natural Intelligence)

Username:| Alter:
Geschlecht: weiblich ménnlich divers
" tgpg: Ja

Nein

m The qlgori’rhm is lea rning about you .]F;Sf;iun.ﬂ Beauty Seslndheit, Selfcare :DC::”,;.ES:T
= o) - baming ust acnnaitigkei
n next to you:
about the perso
What do you know
a Sheef iPhong Handy, android PC/Laptop Tablet
sed on the dat
9 Ana Iyze ba o & de -7 Stunden 2-3 Stunden >3 Stunden
for ”AI-Ananylcs ePaper/Artikel Fotos/Posts Streams
- Suggest content/ads!

F Empfohlene Merbung:




Al vs. ,NI“ (Natural Intelligence)

Usernane:|

Geschlecht:

Alter:
weiblich

Haustigre: Ja

minnlich divars

Nein

Profiling - The algorithmus is learning about you | Maintain relationships,

Social-Media vs. friends/colleagues understand friends,
connect, exchange,...

- What are your intentions — and what do ZE

. - . )
social media algorithms want? Algorithm’s goals:

Social purpose Videos maximize attention &

VS. | Inhalt: personalize ads
economic intention > more clicks/buys




Stereotype auf Autopilot

Al fuels stereotypes
... and influences decisions and processes as a result.

* Al-based job recruiting
* Medical diagnostics (e.g. heart attack symptoms)

* Biased/framed language used by Al-assistants,...

Al-decisions influence future data

Q0 e.g. applications

p - "ﬂ > Al “learns” to recruit less women

3 per company/less leadership positions



Al & stereotypes - what can | do?

e Actively question recommendations:
Why am | seeing this?

 Cookies and profile data

- try incognito mode Du befindest dich| _ N
. . P - Cookies X
How different are search results/suggestions? i e
s 0 oo e b o’ °
\ce. By (_:Hckir_\g accept, you agree to [ ] o ® L ]
) AVO i d S p req d i n g S-I-e reo-l-ypes : nis, as outlined in our Cookies Policy. ® . ..

Preferences ®

don‘t share/like discriminating content

 Reduce ads & personlisation
(data protection settings, ad blocker,...)

@

 Go outside! Enjoy non-screen-time
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